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Cautious Inference
Inspired in the cautious and iterative methods from [2,3]. e
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® Contextual cues have shown to be of great benefit for object © o €(N;NOF) ®/>/ °
detection.

e Top-ranking object hypotheses from state-of-the-art detectors are
usually correct --> good seed hypotheses.

e "Relationships" --> group behaviour in nature and imposed or
desired rules on man-made objects.

Challenges Relationships are extracted via XMeans clustering [4].

How to define the influence of contextual objects
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| Inspired in the score combination method from [2]. ® In a Global Neighborhood, Cautious Inference > Aggressive Inference.
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